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Density Peak Clustering Algorithm Based on -SNE

Dimensionality Reduction

HE Ting-ai. LI Qin
(School of Mathematics and Physics, Lanzhou Jiaotong University , Lanzhou 730070,China)

Abstract: In order to improve the ability of Density Peak Clustering (DPC) algorithm to deal with
complex high-dimensional data,a density peak clustering algorithm is proposed based on -SNE dimen-
sionality reduction (z~-SNE-DPC). The algorithm uses the ~-SNE algorithm to pre-process the data,maps
the relationship between high-dimensional data points to the low-dimensional space with probability dis-
tribution, maximizes the retention of the essential characteristics of the data by minimizing the relative
entropy,and finally uses the density peak clustering. The algorithm performs clustering operations. The
simulation results show that t-~-SNE-DPC can efficiently cluster high-dimensional data,and the clustering
results of -~SNE-DPC on the AMI index can be as high as 0. 828.

Keywords: cluster analysis;density peak clustering;z-SNE algorithm;effectiveness measurement
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